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Introduction
RGB-Depth(RGB-D) Video Object Segmentation (VOS) combines — "
RGB and depth data. RGB offers visual details like color and texture, it Best
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while depth providing the distance from the camera to the object.

We propose a RGB-D VOS method via multi-store feature memory for
robust segmentation. Specifically, we design the hierarchical modality
selection and fusion and a segmentation refinement module, significantly
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Method
The proposed method comprises three modules: RGB-D fusion and mask generation module, segmentation
refinement module, and multi-store memory management module. Specifically, the RGB-D fusion and mask
generation module aims to fuse RGB-D dual-modality features and integrate them with multi-store feature
memory to produce segmentation results. The segmentation refinement module flexibly utilizes the SAM to
refine segmentation results and ensure more accurate results as memory to guide subsequent segmentation.
The multi-store memory management module encodes and stores both RGB-D images and segmentation
results as feature memory. Mulil Store Memory Management
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Experiments
Dataset: ARKitTrack Comparison with the SOTA: The method is
Metrics: Region similarity (J), Contour accuracy(F), superior to all the RGB-D VOS methods
J&F
Ablation Study: The experiment demonstrates
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